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Abstract 

Background: Chronic pain in adolescence is associated with diminished outcomes, lower socioeconomic status in 
later life, and decreased family well-being. Approximately one third of adolescents with chronic pain have obesity 
compared to the general population. In obesity, lipid signals regulate insulin sensitivity, satiety, and pain sensation. We 
determined whether there is a distinct lipid signature associated with chronic pain and its co-occurrence with obesity 
in adolescents.

Methods: We performed global lipidomics in serum samples from female adolescents (N = 67, 13–17 years old) with 
no pain/healthy weight (Controls), chronic pain/healthy weight (Pain Non-obese), no pain/obesity (Obese), or chronic 
pain/obesity (Pain Obese).

Results: The Pain Non-obese group had lipid profiles similar to the Obese and Pain Obese groups. The major differ-
ence in these lipids included decreased lysophosphatidylinositol (LPI), lysophosphatidylcholine (LPC), and lysophos-
phatidylethanolamine (LPE) in the three clinical groups compared to the Control group. Furthermore, ceramides and 
sphingomyelin were higher in the groups with obesity when compared to the groups with healthy weight, while 
plasmalogens were elevated in the Pain Obese group only.

Conclusions: Serum lipid markers are associated with chronic pain and suggest that specific lipid metabolites may 
be a signaling mechanism for inflammation associated with co-occurring chronic pain and obesity.
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Chronic pain affects approximately one third of chil-
dren and adolescents [1, 2]; many of these individuals 
also have co-occurring obesity [3]. These commonly co-
occurring syndromes are associated with a poor quality 
of life compared to either disease alone [4]. Obesity is a 
risk factor for debilitating pain conditions in both adults 
and children, including osteoarthritis [5–7], migraine 
and chronic daily headaches [8, 9], fibromyalgia [10], 
and musculoskeletal pain [11]. There is support for 

inflammation as a potential link [12] but the molecular 
mechanisms of these interaction are not understood.

The obesogenic state is proinflammatory; the percent-
age of body mass composed of white adipose tissue rises 
which leads to the increase of proinflammatory cytokines 
such as IL-6 [13, 14]. Inflammatory pain is characterized 
by an increase of cytokines which bind to G protein-cou-
pled receptors (GPCRs) and tyrosine kinase receptors 
to decrease the activation threshold of transient recep-
tor potential (TRP) channels involved in pain sensation 
[13]. Several substances, including different classes of 
lipids, have been shown to have roles in pain sensation 
through TRP channels [15, 16]. These include oxidized 
lipid metabolites from linoleic acid (LA), arachidonic 
acid (AA), lysophospholipids and sphingolipids [17, 18]. 
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Metabolization of AA through cyclooxygenases (COX) 
forms mediators like prostaglandin  E2 which can cause 
inflammatory pain by binding to EP receptors, leading to 
subsequent activation of TRPV1 channels [19, 20]. Given 
the regulation of pain sensation by lipids and the modu-
lation of lipids by obesity, there is a potential for altered 
lipid metabolism to underlie the association between 
chronic pain and obesity.

Women are affected by both chronic pain and obe-
sity more than men [12]. Based on recent estimates, the 
prevalence of obesity among adolescents (12–19 years) is 
22.2% and among adults (age 20 years and older) is 41.9% 
[21]. In the US, the prevalence of severe obesity in adults 
is higher in women. Pediatric pain is greater in females 
for most pain types, and the majority of pediatric pain 
patients are female [12]. Furthermore, females have a 
higher co-incidence of chronic pain and obesity [9, 22]. 
Therefore, the current study focused on female adoles-
cents differentially affected by obesity and pain.

We are not aware of systematic studies that have exam-
ined a comprehensive array of lipids and lipid metabolites 
in human subjects with both chronic pain and obesity. 
However, there is interest in lipidomic profiling for those 
with obesity (e.g. [23]). Since, as described above, there 
are significant interactions between obesity and chronic 
pain in children and the potential for lipid metabolites 
to mediate pain, the purpose of this study was to evalu-
ate lipid metabolomics in serum samples from a group of 
female adolescents without or with chronic pain and/or 
obesity to discover potentially modifiable lipid mediators 
of pain.

Methods
Female adolescents (13–17 years, N = 67) were recruited 
for a larger trial focused on endogenous pain control. 
This project was approved by the Children’s Wisconsin 
Institutional Review Board and written consent provided 
by participants and parents. Recruitment of four groups 
was based on presence/absence of chronic pain and 
presence/absence of obesity as described previously [12, 
24]: 1) Healthy Controls (“Control”; healthy weight and 
no pain; n = 17); 2) Chronic Pain with Healthy Weight 
(“Pain Non-obese”; n = 17); 3) Obese (no pain; n = 16); 
and 4) Chronic Pain and Obesity (“Pain Obese”; n = 17). 
The two groups with chronic pain were recruited from a 
multidisciplinary pain clinic at Children’s Wisconsin (for-
merly called Children’s Hospital of Wisconsin). The two 
groups without chronic pain were recruited from an out-
patient clinic within the Children’s Wisconsin system and 
located in the same community. Participant recruitment 
took place from May 2018 – December 2019. Of the 
patients approached about the study, 17 declined (10.6%). 
Other than no reason given (n = 6), patients declined 

due the dislike of the blood draw (n = 5) or no interest in 
research (n = 4)). Details about the recruitment process 
are as described previously [12].

Inclusion/exclusion criteria
Most criteria were extracted from information associ-
ated with the medical appointment visit in the electronic 
medical record (EMR) prior to approaching participants. 
Except for diagnoses, self-reported information was con-
firmed with the medical provider and family prior to 
consent discussion. Medical providers inquired directly 
about the use of medicinal marijuana/cannabidiol and 
use of illicit street drugs.

Inclusion criteria
Female, 13–17 years old, English speaking, and, if tak-
ing psychotropic or long-acting analgesics, doses had to 
be stable (defined as ≥1 week of medication use). Inclu-
sion in the groups without obesity required a BMI of 
5th- < 85th percentile, based on age and gender [25]. 
Inclusion in the groups with obesity required a BMI 
≥95th percentile, based on age and gender [25]. Sub-
jects for the two non-pain groups answered screening 
questions prior to a consent discussion: 1) “Do you have 
any chronic illness?” Subjects who responded “yes” were 
excluded; 2) “Over the past three months, have you had 
pain?” Response options included “not at all,” “rarely,” 
“sometimes,” “frequently,” “all the time.” Subjects who 
responded “sometimes,” “frequently” or “all the time” 
were excluded. Self-reported days with pain (PFSD1) and 
worst pain intensity (PFSD4) over the past 2 weeks were 
used to evaluate potential between-group differences in 
pain characteristics [26].

Exclusion criteria
Type 1 or Type 2 diabetes mellitus and/or metabolic syn-
drome, documented hypertension, cancer-related pain, 
sickle cell disease, and inflammatory conditions (e.g. 
rheumatoid arthritis, fibromyalgia, irritable bowel syn-
drome, celiac disease, Crohn’s disease, ulcerative colitis, 
lupus), or the use of metformin, Accutane, corticoster-
oids, asthma inhalers (daily use of the latter two within 
the past 2 weeks or ≥ 12 times in the past month or use 
within 12 hours of blood draw), medicinal marijuana/
cannabidiol, immune-modulating medications, or self-
reported use of illicit “street drugs”. Use of non-steroidal 
anti-inflammatory medications within 12 hours of blood 
draw. Non-English speaking.

Lipid extraction
Samples were split into two batches (samples 1–34 
and 35–67). Serum (100 μL) was aliquoted into 1.5 mL 
microcentrifuge tubes (Fisherbrand, Cat. No. 05408129) 
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containing 500 μL 3:1:6 IPA:H2O:ethyl acetate (0.01% 
BHT), 10 μL Splash II Lipidomix internal standard 
(Avanti, Cat. No. 330709), and 10 μL Oleoyl-L-carnitine-
d3 internal standard (Cayman Chemical, Cat. No. 26578). 
Samples were homogenized using a Qiagen TissueLyzer 
II (Cat. No. 9244420) at a frequency of 30 1/s for 40 s for 
four cycles, with a 5-minute incubation at 4 °C between 
each cycle. Samples were then placed in − 20 °C for 
10 minutes, followed by a centrifugation at 16,300 g for 
5 minutes at 4 °C. 500 μL of supernatant was transferred 
to new microcentrifuge tubes with a repeat centrifuga-
tion step. 450 μL of supernatant was transferred to new 
microcentrifuge tubes and placed in a speed vacuum. 
Samples were resuspended in 150 μL methanol and 
stored at − 80 °C. Samples were diluted 1:20 in methanol 
for positive mode runs and undiluted for negative mode 
runs. Seven MS/MS iteratives and three quality control 
vials were prepared per batch, per mode.

LC/MS analysis
Extracted lipids were separated on an Agilent 1290 
Infinity II LC System through a VanGuard BEH C18 

Precolumn and an Acquity C18 1.7 μm column (Waters, 
Part No. 186002352, 2.1 × 100 mm). Injection volumes 
were 3 μL for positive mode and 5 μL for negative mode. 
A chromatography gradient was run at a flow rate of 
0.500 mL/min composed of mobile phase A (ACN:H2O 
[60:40 v/v]) in 10 mM ammonium formate and 0.1% for-
mic acid) and mobile phase B (IPA:H2O [90:10 v/v]) in 
10 mM ammonium formate and 0.1% formic acid). The 
chromatography gradient started at 15% mobile phase 
B increasing to 30% by 2.40 min, 48% by 3.00 min, 82% 
by 13.20 min, and 99% by 13.80 min. Mobile phase B 
was then maintained at 99% until 15.40 minutes, then 
decreased to 15% by 16.00 minutes and held at 15% to 
20.00 minutes.

Untargeted lipidomics analyses were performed in both 
positive and negative mode on an Agilent 6546 quadru-
pole time-of-flight MS dual AJS ESI mass spectrometer 
connected to the LC system (QTOF-LC/MS). For posi-
tive mode, the source gas temperature was set to 250 °C, 
with a gas flow of 12 L/min, nebulizer pressure of 35 psig, 
sheath gas temperature of 300 °C and sheath gas flow of 
11 L/min. Reference masses used for positive mode were 
121.050873 and 922.009798 m/z. For negative mode, the 

Table 1 Demographic and anthropomorphic data

Data are shown as mean [SD] or median [25th–75th %] where appropriate

BMI Body mass index, PFSD1 Pain Frequency Severity Duration Scale-1 (PFSD1; days with pain in the past 2 weeks), Pain Frequency Severity Duration Scale-4 (PFSD4; 
worst pain intensity in the past 2 weeks)

*different from Healthy Controls and Pain/Healthy Weight groups (P < 0.001)

**different from Healthy Controls and Obese Alone groups (P range, 0.003 to < 0.001)

Healthy Controls Pain/Healthy Weight Obese Alone Pain & Obese P-value

N 17 17 16 17

Age (years) 14.8 [1.3] 15.5 [1.2] 14.7 [1.6] 15.1 [1.4] > 0.32

Race 0.23

 White 15 16 12 11

 African-American 0 1 0 2

 Native American 0 0 0 1

 More than 1 2 0 4 3

Hispanic > 0.60

 No 16 13 13 14

 Yes 1 3 3 3

 No answer 0 1 0 0

BMI (percentile) 55 [41–70] 54 [38–73] 97 [95–98]* 98 [96–99]* < 0.001

Pain Location (n, %) > 0.06

 Headache/Migraine 10 (58.8) 15 (88.2)

 Extremities 3 (17.6) 0

 Abdomen 1 (5.9) 2 (11.8)

 Other 3 (17.6) 0 (0.0)

Pain Duration (months) 24 [18–30] 24 [8–60] > 0.18

PFSD1 (days) 1.0 [0.0–2.0] 13.0 [5.5–14.0]** 1.0 [0.0–3.0] 7.0 [3.5–13.0]** < 0.001

PFSD4 (worst pain intensity) < 0.001

0.0 [0.0–5.0] 8.0 [7.0–9.5]** 0.0 [0.0–6.0] 8.0 [5.0–8.0]**
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source gas temperature was set to 250 °C, with a gas flow 
of 12 L/min, nebulizer pressure of 30 psig, sheath gas 
temperature of 375 °C and sheath gas flow of 12 L/min. 
Reference masses for negative mode were 112.9855 m/z, 
966.0007 m/z, and 1033.9881 m/z. In both modes, VCap 
voltage was set at 4000 V, fragmentor at 190 V, skimmer 
at 75 V and Octopole RF peak at 750 V.

Samples were acquired in the mass scan range of 
119–1500 m/z (positive) and 100–1500 m/z (negative) 
at a rate of 4 spectra/sec. Tandem mass spectrometry 
was performed with a fixed collision energy of 25.00 V 
at a scan rate of 2 spectra/sec.

Data processing
Raw data from LC-MS experiments was evaluated 
using Agilent MassHunter Workstation and stored in .d 
format. MS/MS data was analyzed using Agilent Mass-
Hunter Qualitative Analysis and Lipid Annotator for 
lipid identification. Lipids identified in Lipid Annota-
tor with a mass accuracy of < 0.05 ppm were exported 
in PCDL format to create comprehensive libraries. 
Lipid identifications were checked for accuracy through 
retention time correlations with lipids of the same class 
and by assessing fragmentation patterns. Lipid anno-
tations were further screened for redundancies using 
the following criteria: identifications for the same lipid 
were filtered by removing any duplicates if the reten-
tion time difference was < 0.10 min or if the lower inten-
sity annotation was < 25% of the more abundant one. 
To determine total unique identifications, positive and 
negative mode data were compared for identical lipids 
annotated in both modes and the lower abundance 
lipids were excluded. Compounds in each sample were 
analyzed and integrated based on the generated library 
from batch 1 (batch 2 had no unique annotations) using 
Agilent Profinder Analysis through Targeted Feature 
Extraction, and peak heights were exported to .csv files 
for further analysis using an in-house R script [27]. 
Pathway analysis of dataset was performed with lipid 
ontology (LION) [28].

R data curation
Data curation was performed in R (version 4.1.1) using an 
in-house script [27]. Any lipid abundance in samples less 

than the corresponding processed blank abundance was 
removed. Lipid variables that were not present in at least 
30 of the samples were removed and a lipid correlation 
was run to identify and delete duplicate lipid annotations. 
Standards were then plotted to assess variation between 
samples and saved as PDF files. Lipids identified in posi-
tive and negative mode were combined, and the lipid with 
the lower abundance was dropped. Lipids normalized to 
their respective internal standard. In positive mode, the 
internal standard for CE was highly variable and missing 
from some samples which led to its removal. In negative 
mode, the internal standard for SM, GM3, HexCer, PA, 
and PS were not detected and were removed. Data was 
exported as .csv files.

Other statistical analyses
Demographic data were analyzed by non-parametric 
Kruskal-Wallis one-way analysis of variance (ANOVA), 
exact Mann Whitney tests for pairwise comparisons, and 
Fisher-Freeman-Halton’s exact test (SPSS v26, IBM Cor-
poration, Somers, NY, and Cytel StatXact v8, Cambridge, 
MA). No adjustments were made for multiple compari-
sons. P < 0.05 was considered significant; unadjusted 
values are given. Data are presented as mean (standard 
deviation) or median (25–75%).

Results
Table  1 shows the demographic and anthropometric 
data for the four groups of subjects. There were no dif-
ferences in the age (P > 0.32), race (P = 0.23), nor ethnic-
ity (P > 0.60) between the four groups. As expected, BMI 
was greater in the Obese and Pain Obese groups com-
pared to the Control and Pain Non-obese groups. Fur-
thermore, as expected, there were no differences between 
the two non-obese groups (Control and Pain Non-
obese) nor between the two obese groups (Obese and 
Pain Obese). Self-reported days with pain over the past 
2 weeks (PFSD1) and worst pain intensity over the past 
2 weeks (PFSD4) were greater in the Pain Non-obese and 
Pain Obese groups compared to the Control and Obese 
groups, but not different within the no chronic pain 
groups or within the chronic pain groups. Pain location is 
summarized to best represent between group differences. 
No differences were found between groups (P  > 0.06). 
Most participants in both chronic pain groups presented 
with headache/migraine pain, followed by extremity 

(See figure on next page.)
Fig. 1 Healthy weight individuals with chronic pain have serum lipid profiles that match the obese and chronic pain obese groups. A Principal 
component analysis between serum of control (n=17), obese (n=16), pain non-obese (n=17), and pain obese (n=17) individuals. B Heat map 
of group averages showing lipid class distribution between control, obese, pain non-obese, and pain obese groups. C Lysophosphatidylinositol 
(LPI) species abundance in serum between control, obese, pain non-obese, and pain obese individuals. D Lysophosphatidylcholine (LPC) species 
abundance in plasma between control, obese, pain non-obese, and pain obese groups. n=16-17 per group, Data are presented as means ± SEM.
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pain (Pain Non-obese group), and abdominal pain (Pain 
Obese). “Other” pain conditions were combined into a 
single category (included back pain and joint pain).

Individuals with chronic pain and healthy weight have 
a lipid signature matching those with obesity alone 
and individuals with chronic pain and obesity
Due to the high co-occurrence of chronic pain and obesity, 
we wanted to assess lipid changes in the serum that could 
serve as identifiable biomarkers of chronic pain. To meas-
ure serum lipids, we performed global lipidomics using 
QTOF-LC/MS. Principal component analysis (PCA) on 
the four study groups found that the Control group had 
distinct lipid clustering while there was significant overlap 
in lipids shared between the three clinical groups (Fig. 1A). 
There were 426 lipids detected in at least one sample, while 
383 lipids were detected in all samples. Of the 383 lipids 
detected in all samples, there were 234 lipids observed to 
be significantly different between the four groups, whereas 
149 lipids were not significantly different between the four 
groups (Supplementary Fig. S1A & B).

The lipids that had the greatest variability between 
groups included lysophospholipids such as lysophosphati-
dylinositol (LPI), lysophosphatidylcholine (LPC), and 
lysophosphatidyethanolamine (LPE) as well as sphingolip-
ids and triglycerides (Fig. 1B). The Pain Non-obese group 
had a similar lipid profile to the Obese and Pain Obese 
groups with lower levels of LPI and LPE when compared 
to the Control group (Figs.  1C & S1C). Interestingly, one 
of the LPE species that was higher in the Control group 
included LPE 15:0; odd chain fatty acids like these arise 
from the diet, gut microbiota, or peroxisomal lipid process-
ing but cannot be synthesized de novo [29]. The LPC dif-
ferences between groups displayed acyl-chain specificity, 
with the Pain Non-obese group having elevated LPC 18:2 
that was similar to control, but lower levels of LPC 20:4 and 
LPC 22:6 closer to the Obese and Pain Obese groups. As 
would be expected, both groups with obesity had elevated 
levels of serum triglycerides compared to groups with 
healthy weight independent of chronic pain (Figs.  1B & 
S1D). Both groups with pain had elevated triglycerides that 
contained polyunsaturated fatty acids (PUFAs), with the 
Pain Non-obese group having levels lower than those in the 
Pain Obese group (Fig. S1D).

Individuals with chronic pain and healthy weight 
have an elevation in sphingolipids but a decrease 
in lysophospholipids
Although 234 lipids were found to be statistically differ-
ent when considering all 4 groups, the Control group was 
the driving force of this finding. Tukey posthoc analy-
sis showed distinct lipid changes between each of the 
four groups, with a lipid signature emerging in the Pain 
Non-obese group compared to the Control. Compar-
ing the fold change between Pain Non-obese and Control 
groups showed a decrease in lysophospholipids LPI and 
LPE but an increase in sphingolipids such as ceramides 
and sphingomyelin (Fig.  2A). Several sphingomyelin spe-
cies were elevated in the Pain Non-obese group, with the 
most abudant being SM d34:1 (45.6 ± 23.2 [SD] nM), SM 
d42:2 (27.5 ± 27.3 nM), and SM d42:3 (14.2 ± 10.6 nM) 
(Fig. 2B). Some ceramide species also demonstrated a sign-
ficant increase, with the most abudant species being Cer_
NS d18:1_24:0 (1.7 ± 1.1 nM (Supplementary Fig. S2A). 
Lysophospholipids were decreased in the Pain Non-obese 
group compared to the Control, with a broad range of LPIs 
showing decreases (Fig. S2B). Long chain and very long 
chain LPC species were also lower in the Pain Non-obese 
group, with the only exception being LPC 16:0. Notably, 
this LPC has the highest abudance for both Control and 
Pain Non-obese groups at 24 ± 2.2 nM and 32.7 ± 11.8 nM, 
respectively (Fig. 2C).

Lipid changes associated with chronic pain and healthy 
weight are exacerbated in individuals with chronic pain 
and obesity
The Pain Non-obese group had decreases in lysophos-
pholipids LPI, LPE, and LPC when compared to the 
Control group (Fig.  2). These lysophospholipids were 
further decreased in those with chronic pain and obesity 
when compared to those with chronic pain and a healthy 
weight (Fig.  3A). Several LPC species were significantly 
decreased in the Pain Obese group compared to those in 
the Pain Non-obese group, with the most abundant being 
LPC 18:2, LPC 18:1, and LPC 20:4 (Fig. 3B). Low abun-
dant but signficant LPC differences included odd chain 
LPC 15:0. LPE and LPI showed a similar decrease in these 
phospholipids in the Pain Obese group. Specifically, there 
were significant decreases in four phospholipids: LPE 

Fig. 2 Healthy weight individuals with chronic pain have decreased lysophospholipid and increased ceramide levels compared to control. A 
Volcano plot illustrating significant and high fold change between plasma of control and pain non-obese individuals. FDR q > 0.30 red dots indicate 
significant increase, FDR q < 0.30 blue dots indicate significant decrease. B Sphingomyelin (SM) species abundance in plasma significant between 
control and pain non-obese individuals. C Lysophosphatidylcholine (LPC) species abundance in plasma significant between control and pain 
non-obese individuals. n=17 per group, Data are presented as means ± SEM. *p < 0.05

(See figure on next page.)
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Fig. 2 (See legend on previous page.)
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15:0, LPE 16:0_1, LPE 18:0_1 and LPE 20:4_1. Notably, 
abundance of each LPE increased with acyl chain length. 
LPI 18:1_1 and LPI 20:4_1 were the only two LPI spe-
cies with a significant decrease in the Pain Obese group 
when compared to the Pain Non-Obese group, with the 
more abundant LPI being 20:4_1 (Supplementary Fig. 
S3A & B). Other differences between the groups were 
clearly driven by accumulation of stored lipids in obesity 
such as increased triglycerides in those with chronic pain 
and obesity compared to those with chronic pain and a 
healthy weight. (Supplementary Fig. S3C).

To investigate possible pathways associated with pain 
independent of obesity, we used lipid ontology (LION) 
analysis comparing the groups with chronic pain to the 
groups with no pain independent of body weight changes 
[28]. Sphingomyelins and triacylglycerols were ranked high-
est, suggesting their involvement in chronic pain (Fig. 3C). 
Functional pathway assessment further demonstrated 
sphingomyelin’s pain association and found an association 
with vesicles formation (Fig.  3D). Association with vesicle 
formation also reflects changes in LPI, LPE, and LPC which 
contribute to the high degree of curvature in vesicles.

Discussion
A large proportion of youth in the US suffer from chronic 
pain that can be debilitating. The highest predictors for 
adult chronic pain are the occurrence of adolescent obesity 
and chronic pain [30]. Little is known about the etiology of 
this phenomenon despite the deleterious impact. Our goal 
was to understand the molecular interplay between chronic 
pain and obesity in adolescents by performing global lipi-
domics on serum samples. Key findings include the iden-
tification of changes in the lipid profile associated with 
chronic pain, and the finding that some of these changes 
are exacerbated when chronic pain co-occurs with obesity.

Specifically, we demonstrate that individuals with 
chronic pain and healthy weight had lipid profiles similar 
to those with obesity alone, and those with chronic pain 
and obesity. Lipids with the greatest variability between 
all four groups included sphingolipids, triglycerides, and 
lysophospholipids. The Pain Non-obese group demon-
strated a significant elevation in sphingolipids like cera-
mides and several sphingomyelin species when compared 
to Controls. Those with chronic pain and healthy weight 
also had lower levels of LPI, LPC, and LPE when com-
pared to Controls, but similar abundances as those with 
obesity and chronic pain with obesity. Notably, some lipid 

changes associated with chronic pain were exacerbated 
in the obese state with LPI, LPE, and LPC species being 
further decreased in the Pain Obese group. Pathway anal-
ysis ranked sphingomyelins and triacylglyerols as having 
the highest association with pain, and functional cluster-
ing identified lipids that regulate vesicle formation and 
lipid droplets (Fig. 3). The changes in numerous species 
in a class, rather than individual lipids suggests that there 
may be altered production of lysophospholipids and 
sphingolipids in chronic pain. Further studies are needed 
to determine if these lysophospholipids and sphingolip-
ids have a functional role in the etiology of chronic pain, 
and a role in the link between chronic pain and obesity.

As indicated, the two major lipid classes associated 
with chronic pain were sphingolipids and lysophospho-
lipids. Individuals in the Pain Non-obese group dem-
onstrated higher levels of several sphingolipid species 
compared to Controls, and pathway analysis ranked 
sphingomyelins as having the highest association with 
pain, regardless of weight. Sphingolipids such as sphin-
gomyelin and ceramides are a major component of the 
central nervous system, where they are abundant in the 
plasma membrane of myelin sheaths and serve as pos-
sible biomarkers for the demyelination that occurs in 
multiple sclerosis [31, 32]. Several sphingolipid spe-
cies elevated in patients with multiple sclerosis include, 
but are not limited to: Cer 16:0, Cer 18:1, Cer 24:0, SM 
20:0, SM 22:0, SM 24:0, SM 24:1 [33, 34]. We similarly 
observed increases in Ceramide species contianing 16:0, 
18:1, 24:0, 20:0, and 22:0 acyl chains in chronic pain with 
or without obesity.

We also observed decreases in LPI, LPE, and LPC spe-
cies that were exacerbated in those with chronic pain and 
obesity. LPC and LPE can be processed into lysophospha-
tidic acid (LPA), and its presence in the spinal cord serves 
to resolve inflammation and possibly assists with remy-
elination. In patients with multiple sclerosis, LPAs were 
found to be reduced in the serum [35]. However, LPA and 
its receptor has also demonstrated a signalling role in the 
initiation of neuropathic pain and fibromyalgia [36, 37]. 
Both chronic pain groups showed a significant decrease 
in several LPC and LPE species, which could result in 
a decrease in LPA and thus contribute to pain. Despite 
these findings suggesting a role for sphingolipids, LPI, 
LPE, and LPC in chronic pain, further research is needed 
to understand their production and signalling function in 
those with chronic pain and obesity.

(See figure on next page.)
Fig. 3 Obesity exacerbates the chronic pain signature decreasing LPC. A Volcano plot illustrating significant and high fold change between plasma 
of pain non-obese and pain obese groups. FDR q > 0.35 red dots indicate significant increase, FDR q < 0.35 blue dots indicate significant decrease. 
B Lysophosphatidylcholine (LPC) species abundance in plasma significant between pain lean and pain obese individuals. C Lipid ontology (LION) 
analysis (D) and pathway assessment comparing plasma of pain non-obese and obese groups to control and obese individuals. n=17 per group, 
Data are presented as means ± SEM. *p < 0.05
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One of the leading mechanisms connecting the comor-
bidities of chronic pain and obesity is inflammation [12]. 
Several of the lipids that are altered in chronic pain are 
known to regulate inflammation such as lysophospholip-
ids, polyunsaturated fatty acids, and sphingolipids. LPC 
16:0 has been shown to induce inflammation and in our 
study LPC 16:0 was the most abundant LPC in the serum 
as well as the only LPC increased in those with chronic 
pain [38]. We observed other LPCs to be decreased in 
chronic pain including LPCs containing docosahexae-
noic acid (DHA, 22:6) acyl chain which have been shown 
to be anti-inflammatory and capable of mitigating the 
pro-inflammatory actions of LPC 16:0 [39]. Notably, this 
decrease in LPCs was exacerbated in the Pain Obese group. 
We also observed other anti-inflammatory lysophospho-
lipids, such as LPI species, to be decreased in both chronic 
pain groups but lowest in the Pain Obese group. Treatment 
of macrophages with LPI is known to decrease inflamma-
tory cytokines such as IL-6 and IL-1β, and induction of 
inflammation by LPS decreases LPI abundance [40]. Cera-
mides have been shown to increase inflammation through 
activation of NOD-like receptor pyrin domain containing 
3 (NLRP3) to increase the production of proinflamma-
tory cytokines IL-1β and IL-18 [41, 42]. Our data show 
increased ceramides in chronic pain and obesity which 
aligns with a proinflammatory state, but the tissue where 
these ceramides are produced and their impact on local 
inflammation is unknown. Whether the inflammation is 
preceding the lipid changes, or if the lysophospholipids 
and sphingolipids are directly signaling for an inflamma-
tory response that would exacerbate the chronic pain state 
is also unknown.

Several lipid species that were significantly different 
between groups with chronic pain vs no pain contained 
an odd number of carbons in the acyl chain, such as C15 
or C17. In mammals, synthesis of fatty acids by the fatty 
acid synthase complex occurs in two carbon units mean-
ing that only even acyl chains are produced by de novo 
lipid synthesis, whereas odd chain fatty acids such as C15 
and C17 carbon chains typically come from dietary origins 
or are produced by the gut microbiota. In mice on HFD, 
C15 and C17 fatty acids are decreased and correlated with 
lower abundance of several gut microbial species including 
Lactobacillus, Bifidobacterium, and Akkermansia that are 
known to produce these odd chain fatty acids [43]. How-
ever, other studies have shown that in humans C15 and 
C17 lipids are independently derived from dietary intake or 
α-oxidation in the persoxisome, respectively [44]. We did 
not determine the source of the C15 and C17 lipids in our 
samples, but the difference could be due to either changes 
in gut microbiota, diet, or altered peroxisomal lipid pro-
cessing. Altered gut microbiota have been associated with 

fibromyalgia and chronic back pain [29]. Despite these 
promising results, few studies have explored the associa-
tion of chronic pain and gut microbiota in adolescent pop-
ulations [29]. Similarly, diets low in omega-3 fatty acids, 
vitamin B12, and vitamin D have been associated with 
chronic pain, but few studies have explored the link in ado-
lescents beyond disordered eating [45–47]. More work is 
needed to explore the importance of gut microbiota, diet, 
and α- oxidation in adolescent pain and their association 
with obesity.

One challenge in the current study is the distinction of 
isomers in the lipidomics method which led to duplicate 
annotations distinguished by number such as LPI 16:0_1 
and LPI 16:0_2. These repeated annotations represent 
regioisomers labeled 1 and 2 in which the acyl chain is 
attached at the sn-1 or sn-2 position. The hydropho-
bic interaction of the c18 column is stronger when acyl 
chains are attached in the sn-1 position leading to a dis-
tinct retention time, and fragmentation pattern in posi-
tive mode due to water loss when the acyl chain is in the 
sn-2 position [48, 49]. Others have shown acyl chain spec-
ificity for each position, with sn1 position being occupied 
primarily by saturated lipids while sn2 favors PUFAs. 
These data suggest that there may be functional specific-
ity for regioisomers and their regulation that requires fur-
ther exploration. Our current method of extraction is not 
designed to prevent the intra-molecular acyl chain migra-
tion which prevents absolute quantification of each regio-
isomer and prevents exploration of the functional role 
[50]. Moreover, despite the distinct regioisomers, all are 
decreased in chronic pain, obesity, and those with chronic 
pain and obesity suggesting that they may be a process-
ing derivative. Future work should use direct sample col-
lection and isolation to allow absolute quantification of 
regioisomers in disease states, specifically in chronic pain 
and obesity [50–52].

Overall, these results demonstrate that there is a lipid 
signature associated with chronic pain in female adoles-
cents, and that it is exacerbated with the addition of an 
obese state. The major lipid classes associated with chronic 
pain include lysophospholids and sphingolipids that have a 
role as signaling molecules known to regulate the percep-
tion of pain and mediate inflammation. Other interesting 
features emerged including the presence of exogenously 
derived acyl chains that have an odd carbon number, sug-
gesting a further need to investigate the gut-brain axis in 
adolescents with chronic pain. Future work should assess 
targeted runs, collection of fecal samples, and dietary 
questionaires to probe these outstanding questions. The 
ultimate goal is to apply these novel lipidomic findings to 
develop new approached to mitigate pain in adolescents 
with obesity.



Page 11 of 12Gonzalez et al. Lipids in Health and Disease           (2022) 21:80  

Supplementary Information
The online version contains supplementary material available at https:// doi. 
org/ 10. 1186/ s12944- 022- 01690-2.

Additional file 1: Supplemental Fig. 1. A) Analysis of variance (ANOVA) 
between plasma of control (n = 17), obese (n = 16), pain lean (n = 17), 
and pain obese (n = 17) individuals. Red dots indicate significant lipids 
(p < 0.05). B) Venn diagram showing overlap of lipid species in plasma 
between control, obese, pain non-obese, and pain obese groups. C) 
Lysophosphatidylethanolamine (LPE) species abundance in plasma 
between control, obese, pain non-obese, and pain obese groups. D) 
Triglyceride (TG) species abundance in plasma between control, obese, 
pain non-obese, and pain obese groups. n=16-17 per group, Data are 
presented as means ± SEM. *p < 0.05. Supplemental Fig. 2. A) Ceramide 
(Cer) species abundance in plasma significant between control and 
pain non-obese individuals. B) Lysophosphatidylinositol (LPI) species 
abundance in plasma significant between control and pain non-obese 
groups. n = 17 per group, Data are presented as means ± SEM. *p < 0.05. 
Supplemental Fig. 3. A) Lysophosphatidylethanolamine (LPE) species 
abundance in plasma between pain non-obese and pain obese groups. 
B) Lysophosphatidylinositol (LPI) species abundance in plasma significant 
between pain non-obese and pain obese groups. C) Triglyceride (TG) 
species abundance in plasma between pain non-obese and pain obese 
groups. n = 17 per group, Data are presented as means ± SEM. *p < 0.05.

Acknowledgements
This work could not have been done without the support of the Children’s 
Wisconsin Pediatric Translational Research Unit. We would like to thank mem-
bers of the Simcox Laboratory for proofreading including Raghav Jain, Gisela 
Geoghegan, and Cathy Liu.

Authors’ contributions
Study concept and design: K.R.H, H. R, S.J.W; data acquisition: K.R.H and S.J.W; 
Lipidomics analyses: P.A.G., G. W., H.V., and J.S.; drafted the manuscript: P.A.G. 
and JS; All authors reviewed and edited the manuscript. All authors approved 
the final submission.

Funding
This award was supported in part by (1) the Advancing a Healthier Wisconsin 
Endowment, (2) UW-Madison Comprehensive Diabetes Center Core Services 
Pilot Award UWCDC-CSPA-20-12 and the University of Wisconsin - Madison 
Office of the Vice Chancellor for Research and Graduate Education with 
funding from the Wisconsin Alumni Research Foundation, (3) the Advocate 
Aurora Research Institute, (4) Eunice Kennedy Shriver National Institute of 
Child Health & Human Development of the National Institutes of Health, the 
Office of The Director, National Institutes of Health (OD) and the National 
Cancer Institute (NCI) under Award Number K12HD101368, (5) startup funds 
from the University of Wisconsin-Madison School Department of Biochemistry 
to J.A.S. and (6) a Hatch Grant from the USDA National Institute of Food and 
Agriculture. No funding source had any involvement in any aspect of the 
study, including the writing and submission of this report.

Availability of data and materials
The datasets used and/or analyzed during the current study are available from 
the corresponding author on reasonable request.

Declarations

Ethics approval and consent to participate
This project was approved by the Children’s Wisconsin Institutional Review 
Board and written consent provided by participants and parents.

Consent for publication
Not applicable.

Competing interests
The authors have no conflicts of interest to report relevant to this study.

Author details
1 Department of Biochemistry, University of Wisconsin-Madison, Madison, WI, 
USA. 2 Departments of Medicine (Endocrinology and Molecular Medicine), 
Surgery, and Physiology, Medical College of Wisconsin, Milwaukee, WI, USA. 
3 Endocrine Research Laboratory, Aurora St. Luke’s Medical Center, Advocate 
Aurora Research Institute, Milwaukee, WI, USA. 4 Departments of Anesthesiol-
ogy and Pediatrics, Medical College of Wisconsin, Milwaukee, WI, USA. 5 Jane 
B. Pettit Pain and Headache Center, Children’s Wisconsin, Wauwatosa, WI 
53226, USA. 6 Department of Anesthesiology, Medical College of Wisconsin, 
Milwaukee, WI, USA. 

Received: 24 March 2022   Accepted: 5 August 2022

References
 1. Perquin CW, Hazebroek-Kampschreur AA, Hunfeld JA, Bohnen AM, van 

Suijlekom-Smit LW, Passchier J, et al. Pain in children and adolescents: a 
common experience. Pain. 2000;87(1):51–8.

 2. Stanford EA, Chambers CT, Biesanz JC, Chen E. The frequency, trajecto-
ries and predictors of adolescent recurrent pain: a population-based 
approach. Pain. 2008;138(1):11–21.

 3. Santos M, Murtaugh T, Pantaleao A, Zempsky WT, Guite JW. Chronic pain 
and obesity within a pediatric interdisciplinary pain clinic setting: a pre-
liminary examination of current relationships and future directions. Clin J 
Pain. 2017;33(8):738–45.

 4. Hainsworth KR, Davies WH, Khan KA, Weisman SJ. Co-occurring chronic 
pain and obesity in children and adolescents: the impact on health-
related quality of life. Clin J Pain. 2009;25(8):715–21.

 5. Gandhi R, Perruccio AV, Rizek R, Dessouki O, Evans HM, Mahomed NN. 
Obesity-related adipokines predict patient-reported shoulder pain. Obes 
Facts. 2013;6(6):536–41.

 6. Gandhi R, Takahashi M, Smith H, Rizek R, Mahomed NN. The synovial 
fluid adiponectin-leptin ratio predicts pain with knee osteoarthritis. Clin 
Rheumatol. 2010;29(11):1223–8.

 7. Tukker A, Visscher TL, Picavet HS. Overweight and health problems of the 
lower extremities: osteoarthritis, pain and disability. Public Health Nutr. 
2009;12(3):359–68.

 8. Bigal ME, Tsang A, Loder E, Serrano D, Reed ML, Lipton RB. Body mass 
index and episodic headaches: a population-based study. Arch Intern 
Med. 2007;167(18):1964–70.

 9. Peterlin BL. The role of the adipocytokines adiponectin and leptin in 
migraine. J Am Osteopath Assoc. 2009;109(6):314–7.

 10. Okifuji A, Donaldson GW, Barck L, Fine PG. Relationship between 
fibromyalgia and obesity in pain, function, mood, and sleep. J Pain. 
2010;11(12):1329–37.

 11. Vincent HK, Adams MC, Vincent KR, Hurley RW. Musculoskeletal pain, 
fear avoidance behaviors, and functional decline in obesity: potential 
interventions to manage pain and maintain function. Reg Anesth Pain 
Med. 2013;38(6):481–91.

 12. Hainsworth KR, Simpson PM, Raff H, Grayson MH, Zhang L, Weisman SJ. 
Circulating inflammatory biomarkers in adolescents: evidence of interac-
tions between chronic pain and obesity. Pain Rep. 2021;6(1):e916.

 13. Eichwald T, Talbot S. Neuro-immunity controls obesity-induced pain. 
Front Hum Neurosci. 2020;14(181).

 14. Parlee SD, Lentz SI, Mori H, MacDougald OA. Chapter six - quantifying size 
and number of adipocytes in adipose tissue. In: Macdougald OA, editor. 
Methods in Enzymology, vol. 537. Cambridge: Academic Press; 2014. p. 
93–122.

 15. Yoo S, Lim JY, Hwang SW. Sensory TRP channel interactions with endoge-
nous lipids and their biological outcomes. Molecules. 2014;19(4):4708–44.

 16. Taberner FJ, Fernández-Ballester G, Fernández-Carvajal A, Ferrer-Montiel 
A. TRP channels interaction with lipids and its implications in disease. Bio-
chimica et Biophysica Acta (BBA) - Biomembranes. 2015;1848(9):1818–27.

 17. Cao E, Cordero-Morales JF, Liu B, Qin F, Julius D. TRPV1 channels are intrin-
sically heat sensitive and negatively regulated by phosphoinositide lipids. 
Neuron. 2013;77(4):667–79.

 18. Arifin SA, Falasca M. Lysophosphatidylinositol signalling and metabolic 
diseases. Metabolites. 2016;6(1).

https://doi.org/10.1186/s12944-022-01690-2
https://doi.org/10.1186/s12944-022-01690-2


Page 12 of 12Gonzalez et al. Lipids in Health and Disease           (2022) 21:80 

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your researchReady to submit your research  ?  Choose BMC and benefit from: ?  Choose BMC and benefit from: 

 19. Li T, Wang G, Hui VCC, Saad D, de Sousa VJ, La Montanara P, et al. TRPV1 
feed-forward sensitisation depends on COX2 upregulation in primary 
sensory neurons. Sci Rep. 2021;11(1):3514.

 20. Moriyama T, Higashi T, Togashi K, Iida T, Segi E, Sugimoto Y, et al. Sensitiza-
tion of TRPV1 by EP1 and IP reveals peripheral nociceptive mechanism of 
prostaglandins. Mol Pain. 2005;1:3.

 21. Stierman B, Afful J, Carroll MD, Chen T-C, Davy O, Fink S, et al. National 
Health and Nutrition Examination Survey 2017–March 2020 prepandemic 
data files development of files and prevalence estimates for selected 
health outcomes 2021.

 22. Peterlin BL, Rosso AL, Williams MA, Rosenberg JR, Haythornthwaite JA, 
Merikangas KR, et al. Episodic migraine and obesity and the influence of 
age, race, and sex. Neurology. 2013;81(15):1314–21.

 23. Yin R, Wang X, Li K, Yu K, Yang L. Lipidomic profiling reveals distinct dif-
ferences in plasma lipid composition in overweight or obese adolescent 
students. BMC Endocr Disord. 2021;21(1):201.

 24. Raff H, Phillips JM, Simpson PM, Weisman SJ, Hainsworth KR. Serum solu-
ble urokinase plasminogen activator receptor in adolescents: interaction 
of chronic pain and obesity. Pain Rep. 2020;5(4):e836.

 25. Kuczmarski RJ, Ogden CL, Guo SS, Grummer-Strawn LM, Flegal KM, Mei 
Z, et al. 2000 CDC growth charts for the United States: methods and 
development. Vital Health Stat 11. 2002;246:1–190.

 26. Salamon KS, Davies WH, Fuentes MR, Weisman SJ, Hainsworth KR. The 
pain frequency-severity-duration scale as a measure of pain: pre-
liminary validation in a pediatric chronic pain sample. Pain Res Treat. 
2014;2014:653592.

 27. Jain R, Wade G, Ong I, Chaurasia B, Simcox J. Systematic assessment of 
lipid profiles for the discovery of tissue contributors to the circulating 
lipid pool in cold exposure. bioRxiv. 2021:2021.11.12.468392.

 28. Molenaar MR, Jeucken A, Wassenaar TA, van de Lest CHA, Brouwers JF, 
Helms JB. LION/web: a web-based ontology enrichment tool for lipid-
omic data analysis. Gigascience. 2019;8(6).

 29. Guo R, Chen L-H, Xing C, Liu T. Pain regulation by gut microbiota: 
molecular mechanisms and therapeutic potential. Br J Anaesth. 
2019;123(5):637–54.

 30. Silva C, Oliveira D, Pestana-Santos M, Portugal F, Capelo P. Chronic non-
cancer pain in adolescents: a narrative review. Br J Anesthesiol (English 
Edition). 2021.

 31. Jana A, Pahan K. Sphingolipids in multiple sclerosis. NeuroMolecular Med. 
2010;12(4):351–61.

 32. Oshida K, Shimizu T, Takase M, Tamura Y, Shimizu T, Yamashiro Y. Effects of 
dietary sphingomyelin on central nervous system myelination in devel-
oping rats. Pediatr Res. 2003;53(4):589–93.

 33. Leurs CE, Lopes Pinheiro MA, Wierts L, den Hoedt S, Mulder MT, Eijlers 
AJC, et al. Acid sphingomyelinase: no potential as a biomarker for multi-
ple sclerosis. Mult Scler Relat Disord. 2019;28:44–9.

 34. Podbielska M, O’Keeffe J, Pokryszko-Dragan A. New insights into multiple 
sclerosis mechanisms: lipids on the track to control inflammation and 
neurodegeneration. Int J Mol Sci. 2021;22(14):7319.

 35. Schmitz K, Brunkhorst R, de Bruin N, Mayer CA, Häussler A, Ferreiros 
N, et al. Dysregulation of lysophosphatidic acids in multiple sclerosis 
and autoimmune encephalomyelitis. Acta Neuropathol Commun. 
2017;5(1):42.

 36. Gardell SE, Dubin AE, Chun J. Emerging medicinal roles for lysophospho-
lipid signaling. Trends Mol Med. 2006;12(2):65–75.

 37. Ueda H. LPA receptor signaling as a therapeutic target for radi-
cal treatment of neuropathic pain and fibromyalgia. Pain Manag. 
2020;10(1):43–53.

 38. Hung ND, Sok DE, Kim MR. Prevention of 1-palmitoyl lysophosphatidyl-
choline-induced inflammation by polyunsaturated acyl lysophosphati-
dylcholine. Inflamm Res. 2012;61(5):473–83.

 39. Huang LS, Hung ND, Sok DE, Kim MR. Lysophosphatidylcholine contain-
ing docosahexaenoic acid at the sn-1 position is anti-inflammatory. 
Lipids. 2010;45(3):225–36.

 40. Masquelier J, Alhouayek M, Terrasi R, Bottemanne P, Paquot A, Muccioli 
GG. Lysophosphatidylinositols in inflammation and macrophage activa-
tion: altered levels and anti-inflammatory effects. Biochim Biophys Acta 
Mol Cell Biol Lipids. 2018;1863(12):1458–68.

 41. Scheiblich H, Schlütter A, Golenbock DT, Latz E, Martinez-Martinez P, 
Heneka MT. Activation of the NLRP3 inflammasome in microglia: the role 
of ceramide. J Neurochem. 2017;143(5):534–50.

 42. Maceyka M, Spiegel S. Sphingolipid metabolites in inflammatory disease. 
Nature. 2014;510(7503):58–67.

 43. Ampong I, John Ikwuobe O, Brown JEP, Bailey CJ, Gao D, Gutierrez-Merino 
J, et al. Odd chain fatty acid metabolism in mice after a high fat diet. Int J 
Biochem Cell Biol. 2022;143:106135.

 44. Jenkins BJ, Seyssel K, Chiu S, Pan P-H, Lin S-Y, Stanley E, et al. Odd chain 
fatty acids; new insights of the relationship between the gut micro-
biota, dietary intake, biosynthesis and glucose intolerance. Sci Rep. 
2017;7:44845.

 45. Dragan S, Șerban M-C, Damian G, Buleu F, Valcovici M, Christodorescu R. 
Dietary patterns and interventions to alleviate chronic pain. Nutrients. 
2020;12(9):2510.

 46. Pianucci L, Sonagra M, Greenberg BA, Priestley DR, Gmuca S. Disor-
dered eating among adolescents with chronic pain: the experience of 
a pediatric rheumatology subspecialty pain clinic. Pediatr Rheumatol. 
2021;19(1):16.

 47. Sim LA, Lebow J, Weiss K, Harrison T, Bruce B. Eating disorders in adoles-
cents with chronic pain. J Pediatr Health Care. 2017;31(1):67–74.

 48. Lee JY, Min HK, Moon MH. Simultaneous profiling of lysophospho-
lipids and phospholipids from human plasma by nanoflow liquid 
chromatography-tandem mass spectrometry. Anal Bioanal Chem. 
2011;400(9):2953–61.

 49. Sindelar M, Stancliffe E, Schwaiger-Haber M, Anbukumar DS, Adkins-
Travis K, Goss CW, et al. Longitudinal metabolomics of human plasma 
reveals prognostic markers of COVID-19 disease severity. Cell Rep Med. 
2021;2(8):100369.

 50. Okudaira M, Inoue A, Shuto A, Nakanaga K, Kano K, Makide K, et al. 
Separation and quantification of 2-acyl-1-lysophospholipids and 1-acyl-
2-lysophospholipids in biological samples by LC-MS/MS. J Lipid Res. 
2014;55(10):2178–92.

 51. Koelmel JP, Li X, Stow SM, Sartain MJ, Murali A, Kemperman R, et al. 
Lipid annotator: towards accurate annotation in non-targeted liquid 
chromatography high-resolution tandem mass spectrometry (LC-HRMS/
MS) Lipidomics using a rapid and user-friendly software. Metabolites. 
2020;10(3).

 52. Koistinen KM, Suoniemi M, Simolin H, Ekroos K. Quantitative lysophos-
pholipidomics in human plasma and skin by LC–MS/MS. Anal Bioanal 
Chem. 2015;407(17):5091–9.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.


	Lipid signatures of chronic pain in female adolescents with and without obesity
	Abstract 
	Background: 
	Methods: 
	Results: 
	Conclusions: 

	Methods
	Inclusionexclusion criteria
	Inclusion criteria
	Exclusion criteria
	Lipid extraction
	LCMS analysis
	Data processing
	R data curation
	Other statistical analyses

	Results
	Individuals with chronic pain and healthy weight have a lipid signature matching those with obesity alone and individuals with chronic pain and obesity
	Individuals with chronic pain and healthy weight have an elevation in sphingolipids but a decrease in lysophospholipids
	Lipid changes associated with chronic pain and healthy weight are exacerbated in individuals with chronic pain and obesity

	Discussion
	Acknowledgements
	References


